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Abstract: In modern enterprises, notification systems play an important role as key tools for infor-
mation exchange and user interaction. However, the current notification system faces various chal-
lenges such as data confidentiality, security protection, message quality, development costs, and
technical difficulties. The introduction of artificial intelligence (AI) technology has brought new so-
lutions to these problems. For example, Al can enhance data confidentiality, use deep reinforcement
learning to improve content distribution, utilize cloud computing to reduce development costs, and
incorporate fairness principles into model training, thereby improving the performance and user
satisfaction of notification systems. This study explores the problems existing in current notification
systems and proposes targeted improvement solutions based on Al technology, providing theoret-
ical support and practical guidance for enterprises to create efficient, secure, and highly intelligent
notification systems.
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1. Introduction

Driven by the wave of digital transformation, enterprise-level notification systems
have gradually become a bridge for communication among enterprises. Through precise
information transmission, they have improved management efficiency and optimized
user interaction experience. The rapid development of artificial intelligence technology
has brought new opportunities for the intelligence and personalization of enterprise no-
tification systems, but it has also sparked discussions about algorithmic bias and fairness.
Given this, how to use artificial intelligence technology to enhance the user experience of
enterprise level notification systems has become a key topic worth exploring. This article
analyzes the current problems in enterprise notification systems and proposes improve-
ment solutions based on artificial intelligence.

2. Overview of Enterprise level Notification System

The electronic platform for communication between enterprises and users, namely
the enterprise level notification system, mainly uses various channels such as email, SMS,
pop-up prompts, or software internal messages to deliver information to specific audi-
ences [1]. With the acceleration of enterprise digitalization, this system plays a key role in
routine business, customer service, promotional activities, and internal communication.
At present, the core concepts pursued by such notification systems are precision, imme-
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diacy, and efficiency. By deeply analyzing user behavior and preferences, customized in-
formation can be delivered in real-time. It improves the accuracy of information dissemi-
nation and enhances user experience, helping to increase user retention and conversion
rates. In the e-commerce industry, notification systems can quickly convey the progress
of promotional activities or orders. In the financial industry, companies send transaction
alerts or account information changes through this system. Thanks to advances in big data,
cloud technology, and artificial intelligence, enterprise-level notification systems are grad-
ually transitioning from the traditional single-push notification model to a dynamic and
intelligent new model.

3. Problems in the Interaction between Enterprise Level Notification Systems and Us-
ers

3.1. Data Privacy and Security

Privacy and security issues are particularly prominent when processing and collect-
ing user information in enterprise-level notification systems. This type of system relies on
user behavior habits and private information to achieve customized services, including
but not limited to sensitive information such as user internet behavior, consumption rec-
ords, geographic location, etc. Once this information is stolen by illegal individuals during
storage or transmission, the user's personal privacy may be violated and property damage
may occur. Due to loopholes in data management, some enterprises have failed to effec-
tively encrypt their data or establish strict access control mechanisms, which may allow
internal personnel to abuse this data or allow external hackers to infiltrate systems easily.
When it comes to cross-border data transmission, companies will face more complex legal
challenges due to the varying legal and compliance requirements for data security in dif-
ferent countries. In addition, data sharing with third-party service providers also carries
risks. If the third party fails to comply with data protection responsibilities or encounters
security vulnerabilities, it can also lead to data breaches involving enterprise users’ infor-
mation [2].

3.2. Poor Quality of Push Content

The notification mechanism of many enterprises has exposed obvious deficiencies in
content production and distribution strategies, with notification content lacking specific-
ity. Although current technologies can perform basic analyses based on user data, the out-
put information often lacks diversity or does not meet the actual needs of users due to
insufficient data fusion and algorithm limitations. This situation will reduce users' atten-
tion to notifications and may also be seen as harassing information, which has a negative
impact on the brand image [3]. The timeliness of notifications is also weak, and some mer-
chants fail to accurately grasp users” active periods or consider the time-critical nature of
information, resulting in notifications being delivered at inappropriate times and losing
their due value. For example, notifications for certain activities that are only sent after the
end of the event have lost their meaning. There are also issues with the expression of no-
tifications, as many notification messages are unclear, overwhelming, or repetitive, mak-
ing it difficult for users to quickly grasp the core points. Excessive and low-quality notifi-
cation pushing is more likely to annoy users, who may ultimately choose to turn off noti-
fications or uninstall applications.

3.3. System Development Costs and Technical Complexity

Developing and maintaining an enterprise-level notification system requires sub-
stantial resources, with high research and development costs and technological difficul-
ties becoming major obstacles faced by enterprises. The system architecture designed
must have a high level of technical sophistication, and an efficient notification system
should be compatible with multiple notification channels, such as email, SMS, in-app mes-
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sages, and more. This requires companies to build a platform with strong integration ca-
pabilities, ensuring smooth switching between various notification channels and provid-
ing users with a consistent experience. In terms of data processing, the system also faces
extremely high requirements. Modern notification systems need to be able to instantly
process and analyze large amounts of user data to achieve highly personalized message
push. This process involves many technical fields such as distributed computing, big data
technology, and natural language understanding, making system development more
complex. In addition, the development of notification systems also requires the use of var-
ious technical tools and resources, such as integrating artificial intelligence models, im-
proving algorithm efficiency, and ensuring the performance and stability of the system
under high loads, all of which pose severe challenges to the technical strength of the de-
velopment team [4].

3.4. Model Bias and Fairness Issues

In the process of applying artificial intelligence technology to optimize user interac-
tion in enterprise notification systems, the issues of model bias and fairness are becoming
increasingly apparent. The unfairness of data is the core factor leading to model bias [5].
The notification system relies on past data when training the model, but this data may
contain bias due to the unevenness of the collection method or sample. During model
training, algorithmic bias may exacerbate this problem. Some Al algorithms may priori-
tize short-term gains when pursuing optimization goals, while ignoring the long-term sat-
isfaction of users or the diversity of content. For example, the recommended information
may be overly focused on individual fields, resulting in users receiving too limited infor-
mation, which can have a negative impact on the fairness of the system. Personalized con-
tent push may lead to implicit unfair treatment, and the system may push content of var-
ying quality based on users' geographic location, consumption level, or historical behavior.
Due to the opaque nature of the model, it is difficult for enterprises to explain the reason-
ing behind push decisions to users. This lack of transparency can pose potential risks of
non-compliance with legal regulations in areas with stricter rules, such as finance and
healthcare.

4. Al Based Enterprise Level Notification System and User Interaction Optimization
Strat-Egy

4.1. Strengthen Data Privacy Protection

Ensuring user data security is a core element in enhancing the interactive experience
when building an Al-centric enterprise notification system. Such platforms typically re-
quire the management and analysis of numerous user profiles, such as personally identi-
fiable information, user behavior records, and personal preferences. If such information
is leaked or improperly used, it will not only seriously violate user privacy, but may also
have a negative impact on the company's brand image [6]. Therefore, strengthening data
confidentiality measures is not only a legal requirement, but also a key way to enhance
user trust and ensure platform security. In the data collection stage, the platform should
follow the data minimization principle to ensure that only the information absolutely nec-
essary to complete specific functions is collected. In the process of secure storage and
transmission of data, tiered confidentiality measures must be implemented. For example,
in the data storage stage, The AES algorithm can be used to encrypt key information, and
the TLS protocol can be applied during data transmission to prevent data interception by
unauthorized third parties. Differential privacy technology should be adopted in the sys-
tem development process to ensure that the conclusions of statistical analysis do not ex-
pose the privacy of any individual. The core formula in differential privacy technology is:

. priM(D)es]
Ae = In o e @
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In formula (1), M represents the algorithm, D and D 'represent datasets with only one
record difference, Sis a set of results output by the algorithm, and e represents the privacy
budget. The smaller the value, the stronger the privacy protection. In a user notification
system, differential privacy techniques can be used to introduce random interference in
order to analyze the proportion of user responses to notifications of a certain category. For
example, in a real environment, if 1000 users click, the statistical data obtained after ad-
justing the differential privacy algorithm may be 1003 or 997. Although there may be some
errors, this method can obfuscate users’ click activities and prevent them from being ac-
curately tracked. By adopting this strategy, enterprise-level notification systems can find
a balance between maintaining data confidentiality and improving user experience, cre-
ating a more secure interactive environment for users while enhancing users’ trust in en-
terprise services.

4.2. Apply Reinforcement Learning to Optimize Push Content

The enterprise-level notification system built with artificial intelligence technology
adopts reinforcement learning to enhance the intelligence of information pushing. Rein-
forcement learning transforms the process of selecting and pushing information into a
continuous sequence of decisions by simulating the interaction between the system and
the user [7]. It can continuously optimize its decision-making rules based on user response,
achieving customized and accurate information transmission. Within this framework, the
fundamental elements of reinforcement learning cover three key dimensions: state, action,
and feedback. The user's behavior records and real-time environmental factors constitute
the state, and the various contents or topics sent by the system to the user based on this
state are defined as behaviors. User feedback is used as reward feedback. Using reinforce-
ment learning, the system automatically adjusts the information pushing strategy based
on the continuous participation and satisfaction of users. Deep reinforcement learning
combines the expressive power of neural networks with the decision-making mechanism
of traditional reinforcement learning. In the application scenarios of enterprise message
notifications, widely used algorithms include deep Q-networks and policy gradient-based
methods. These algorithms can find the best behavior strategy in complex high-dimen-
sional environments and customize personalized information for users. If a user displays
a preference for a certain type of notification for a long time, the system will not only
continue to provide such content, but also try to introduce diverse recommendations re-
lated to it to enrich the user's range of interests. The core formula for strategy optimization
in reinforcement learning is:

Q(s,A)=R(s,a)+y - maxQ(s’a") )

In formula (2), Q (s, a) represents the expected return that can be obtained by taking
action a in state s. R (s, a) is the immediate reward, y is the discount factor, representing
the weight of future rewards. S' is the next state after executing the action. For example,
in the notification system, the user's historical preference is state s, and the system sends
a "discount notification" as action a. The user clicks on the notification to receive a reward
R (s, a)=t5. If the user subsequently purchases goods on the website, the system will record
additional rewards and update the strategy function Q (s, a). After repeated optimization,
the system has effectively mastered the ability to prioritize displaying the user's preferred
content. By utilizing reinforcement learning strategies, content relevance has been im-
proved, and real-time adjustments can be made to enhance user engagement and commu-
nication quality, thereby improving the overall operational efficiency of enterprise notifi-
cation systems [8].

4.3. Utilizing Cloud Services to Reduce Development Costs

In the process of building enterprise notification solutions with Al as the core tech-
nology, adopting cloud computing services can significantly reduce research and devel-
opment expenses, and enhance system adaptability and upgradability. The conventional
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enterprise notification solution involves huge hardware infrastructure costs, tedious soft-
ware installation, and maintenance processes. These factors pose significant challenges to
the company's financial budget and technical capabilities. Relatively speaking, with the
help of cloud computing services, companies can quickly build an efficient and scalable
notification system with less start-up capital. Cloud services enable flexible configuration
of computing, storage, and network resources, eliminating the need for developers to pur-
chase expensive hardware infrastructure in advance or reserve resources for extreme
loads. By adopting a usage-based billing system, the company only needs to pay fees
based on the actual resources consumed, avoiding resource waste. Cloud service plat-
forms generally support automatic scaling, which increases computing power when the
number of users increases dramatically and reduces resource allocation when the number
of users decreases. This improves efficiency and further reduces operating costs [9].

In artificial intelligence notification systems, cloud computing services demonstrate
significant advantages. For example, personalized notification content often relies on mas-
sive computing resources to perform real-time data processing and model tuning. By re-
lying on cloud computing services, enterprises can leverage their powerful distributed
computing capabilities to quickly build and upgrade recommendation algorithms. The
intelligent toolkit and pre-trained models provided by numerous cloud service providers
greatly reduce the time spent by R&D teams on algorithm development and adjustment.
In the process of data storage and transmission, cloud services provide excellent security
and compliance support, which is particularly crucial for industries that must strictly com-
ply with relevant regulations such as GDPR. These platforms are typically equipped with
multi-level encryption and access control mechanisms, ensuring that enterprises can save
development costs while also safeguarding data security. The following is an example of
cost comparison between cloud computing service development model and traditional
self built model:

As shown in Table 1, adopting the traditional self-built model often requires a signif-
icant upfront hardware purchase cost. In contrast, cloud services rely on their flexible re-
source allocation strategies, significantly reducing the economic burden on enterprises. At
the same time, the reduction in operational and maintenance personnel costs and software
licensing fees also makes the overall cost-effectiveness more prominent.

Table 1. Cost comparison between cloud service development and traditional self built methods.

project Traditional self Cloud service Savings

built methods model ratio

Hardware procurement cost $150,000 $0(Use as needed)  100%
Calculate the cost of resource utilization =~ $50,000/year $10,000/year 80%
Maintenance and operation labor costs ~ $30,000/year $5,000/year 83%
Software license and tool fees $20,000/year $3,000/year 85%

total cost $250,000 $18,000/year 92%

4.4. Introducing Fairness Constraints in Model Training to Reduce Bias

Ensuring fairness during algorithm training is crucial when fine-tuning the user ex-
perience of enterprise notification systems. The initial step in implementing fairness con-
straints is to establish standards for measuring fairness, such as balance, equal oppor-
tunity, or fair treatment of individuals. In the specific operation process, these standards
help measure the behavioral differences of the model towards different user groups and
set improvement goals. In the model training phase, the goal is usually reinforced by add-
ing constraints. For example, embedding a fairness adjustment term in the loss function
allows the model to pursue primary objectives such as accuracy and recall while also con-
trolling for bias. Taking multi-class classification problems as an example, the difference
in decision distribution between categories can be included as a moderating factor. This
method adjusts the sampling or weight allocation of training samples to make the model
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more focused on underrepresented groups in the dataset, in order to achieve a balanced
user experience. To prevent excessive emphasis on fairness from negatively affecting the
overall performance of the model, an adaptive constraint strategy can be implemented,
allowing the model to flexibly adjust weights within certain limits and find a balance be-
tween performance and fairness. The loss function is L=Ltask+A - Lfairness, where Ltask
is the loss of the main task (such as cross entropy), Lfairness is the fairness loss, and A is
the trade-off parameter. Specifically, the fairness loss L fairness can be defined by a bias
metric function, such as:

Lfairness= Y el Ex~g[f (x)] — Ex~D[f (x)]| 3)

In formula (3), G represents the set of user groups, f (x) is the model output, and D is
the overall data distribution. This formula calculates the expected deviation of different
groups, dynamically adjusts the model weights to reduce deviation, and optimizes user
interaction experience.

5. Conclusion

In the operation of enterprises, enterprise-level notification systems have become key
components of infrastructure. However, their shortcomings in data confidentiality, accu-
racy of notification content, and technical implementation difficulty have affected the
maximization of their effectiveness. Integrating artificial intelligence technology can en-
hance the user experience of notification systems from multiple dimensions. For example,
improving data confidentiality not only increases user trust, but also ensures that the sys-
tem complies with regulations; Using deep reinforcement learning to improve content
pushing can enhance customization and user satisfaction. Using cloud computing services
can reduce development costs and difficulties, alleviating the technological pressure on
enterprises. Incorporating fairness constraints during model training can help reduce al-
gorithm bias and promote fair use of the system. These improvement measures not only
point out the direction for the intelligent upgrade of enterprise-level notification systems,
but also lay a solid foundation for subsequent research and application.
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